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analysis. These results are from text summarization algorithm on first-person

tweets over labels that have negative median sentiment scores - ‘housing’,
Zero-shot Text Classification Pipeline 'farm’, and ‘criticism’. We set K=50. Our approach allows us to identify cases
of home damage, including flooding and major destruction specifically in the
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— Figure 1. Twitter’s user network, based on tweets related to Cyclone
j> - j> - Amphan. Legend (left to right): (a) Sampled user network, node size varies
Tk j> i Sl e according to the number of tweets related to Amphan, (b) with influential
We took Cyclone Amphan as our use case in exploring the ] user Priyanka Gandhi Vadra highlighted, (c) influential user Narendra Modli
potentia| for Twitter content to target relief efforts in response v R highlighted. |n. both (b) and (c) node size varies aCCOFdi.n.g to the.number of
. . . followers. All figures are sampled to 2000 edges. Specifically, Priyanka
to extreme weather events. We first aimed to characterize how ﬁ Gandhi Vadra (shown in Figure 3b), shows a similar type of discourse to the
collective knowledge about Cyclone Amphan was produced e : T : one of Narendra Modi (shown in Figure 3c), but with an opposite sentiment
on Twitter Considering Twitter is a decentralized microblogging score (Priyanka Gandh.i has a mean sentiment score -0.59, whereas Narendra
: dd thei tary t . et <ﬁ T el ¢  with ngatv iabels ¢ i Modi has 0.43). Thg d|scou.rse. types followed by the two users are reflef:ted
plat orm, anyone can a cif commentary to an issue, | | ! ; based on their spatial proximity in the network. Priyanka Gandhi Vadra is the
influence its narrative and build new layers of interpretation e 5 general secretary of the All India Congress Committee, an opposition party
for On_the_ground realitieS. to the one Of Narendra MOC“, Bharatiya Janata Party.
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We query around 470k tweets from the Twitter API over the time j> Trsn doc2vec mode :> Tweet j> Aversgo west j> W seings’
period of May 1, 2020 - June 15, 2020 with keywords ‘Cyclone’, S T mbeddg e
‘Amphan’, ‘Cyclone Amphan’, and ‘Hurricane’, adjusting the query - @
to account for multiple spellings and language- and A ' s
location-specific noise. We query data in four languages, ;E’“{:&m‘:'ﬁiii‘;?’sK: Sy @ et <; Construct networ

including English, Hindi, Odia, and Bengali.
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